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Abstract. The break of connections in economic systems results in imbalance and a theoretical possibility of a threat
for their development. This raises the issue of finding an effective mechanism for economic security in general and
financial security in particular, which are important elements of how macroeconomic components work. The purpose
of the study is to develop models that allow assessing the impact of an energy “shock” on financial security indicators,
to identify the threshold values of exogenous variables at which the “shock” has a destructive influence on the level of
financial security and can lead to the financial system destabilization. The work uses a branched structure of scientific
methods which consist of theoretical and empirical research of the financial security for macroeconomic systems. The
main results of this work are devoted to the consideration of the problem of how to design effective mechanisms for
ensuring financial security under the conditions of exogenous “shocks” of the global economy. It considers the concept of
“shock” and gives the examples of the impact of “shocks” on macroeconomic indicators. The work highlights the energy
“shock” as dominant for the analysis and formation of an effective macroeconomic stability policy. The information area
of research features is substantiated, including BRENT oil price data and indicators of monetary and currency security,
such as the rate of inflation and the exchange rate. Emphasis on subsystems of monetary credit and currency security is
made due to the importance of these channels of crisis infection in order to ensure financial security. The value of the
lag in the model is substantiated with the help of information criteria; evaluation and testing of the quality of the model
have been carried out; system stability has been assessed based on the impulse response function, the TVAR model has
been developed. The areas of change of the exogenous variable reflecting the statistically significant impact of the energy
“shock” on the rate of inflation are analyzed. Thus, the obtained results made it possible to identify the regimes of energy
security, which become a channel of infection of the financial sphere and a significant increase in the level of inflation.
Practical significance includes the versatility and applicability of the evaluation approach for research due to the ability
to use the entire algorithm as a complete ensemble of models. The results of this material can be used in the formation of
government financial security policies and reactions to destabilizing external influences
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o INTRODUCTION

The current stage of economic development is character- and development of macroeconomic systems. Thus, as a met-
ized by strengthening globalization processes. The latter ric of increasing the efficiency of production and economic
carry a number of advantages and, at the same time, pose new  systems functioning as a result of globalization processes, we
threats and risks that require an adequate adaptation of exist-  can single out the graphical exponential model of the world
ing management systems to ensure sustainable functioning  economy growth observed in the last 30 years (Fig. 1) [1].
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Figure 1. Factors of improving the general well-being of the global population expressed in income terms

Source: [1]

The exponential growth model of the world economy
has become possible due to the high mobility of labor and cap-
ital resulting from globalization, the speed of innovation, etc.
At the same time, due to the lack of formal borders the
global economy creates new types of risks and threats, which,
at a certain point, can lead to an increase in the probability
of “shocks” which are understood as extraordinary stimuli
(factors) that make conditions for a sharp change in the
modes of how economic systems work and lead to desta-
bilization. In economic sphere, the expansion of “shocks”
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happens with the help of channels of distribution, where
trade, information and financial channels are most often
seen. As shown by numerous studies, the financial chan-
nel plays the key role since its “shocks” lead to the lasting
negative security fluctuations and the formation of crisis
situations. This raises the question of how the “shocks” in-
fluence the financial security indicators of macroeconomic
systems [2]. Figure 2 shows the application of the impact of
different “shocks” on the indicators of economic security,
namely, financial security of macro-regions.
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Figure 2. The impact of “shock” on certain macroeconomic indicators

Source: [3; 4]

The period of 2022 is characterized by the energy
“shock” produced by the disruption of standard supply
chains of raw materials, the restrictions in the movement
of payments and capital investments, the international

19

isolation of territories that were the main suppliers of en-
ergy resources in past years. The increased impact of the
energy “shock” is confirmed by the dynamics of the price
per barrel of BRENT oil shown in Figure 3.
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Figure 3. Graphical interpretation of the energy “shock” in BRENT oil prices in US dollars

Source: [5]

In the current conditions, one of the urgent tasks
of financial security management is the assessment of the
impact of the energy “shock” on the dynamics of financial
security indicators, the scenario analysis of its possible
consequences in order to choose adequate tools for ensuring
macroeconomic stability.

When evaluating [5], it should be emphasized that
in the first quarter of 2022, the so-called energy “shock”
took place in the world economy resulted from the change
in the situation on international markets. The key supplier
of energy resources, the Russian Federation, as a result of
the military invasion into Ukraine, found itself under in-
ternational economic sanctions and significantly reduced
the export of oil, gas and other resources. In such condi-
tions, there was a significant decrease in supply of energy
resources due to the lack of adequate replacement of the
reduced energy carriers, that, in its turn, brought about an
increase in demand and prices.

Also, in 2020, as an exit measure from the interna-
tional lockdown caused by COVID-19, the world financial
system was given a boost to economic growth. These infu-
sions made it possible the prognosticated effect of renewal,
though, the surplus of money resulted in the incremental
rise in inflationary pressures.

Thus, the prices for energy resources and inflation
have resonated. This work reconsiders the hypothesis about
a significant impact of “shock” in energy security on the pace
of inflation expectations.

e LITERATURE REVIEW

A significant number of publications are dedicated to
the financial security of macroeconomic systems both in
Ukrainian and foreign scientific literature. The author
M. Ermoshenko [6] sees financial security as the state of
financial and credit system of the country, the balance
between all financial instruments and draws attention to
the mandatory condition of being resistant to the influ-
ence of destabilizing factors. P. Mekshun [7] emphasized
the combination of economic and financial security, where
the specified elements are accepted as parts for the forma-
tion of sustainable development and general well-being.
As the analysis of the sources showed, special attention
is paid to the implementation of the system of indicators
in the formation of financial security mechanisms, for ex-
ample, the source [8]. Some of the foreign authors try to
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describe financial security through a retrospective view
of crisis phenomena [9], the study of systemic risk in the
markets [10]. However, the most widespread vision of the
formation of mechanisms for ensuring the financial security
of macroeconomic systems can be found in combination
with economic and mathematical methods. Thus, the au-
thor O. Faryna [11] considers financial security through the
prism of financial stability; uses a vector model to diagnose
the stability of Ukraine’s financial security. In the work of
Yu. Bazhenova [12], the research focus is on the formation
of a dynamic stochastic model of economic equilibrium
that takes into account the impact of monetary and fiscal
policies on the security of the country as a whole. The team
of authors led by L. Guryanova [13] dwelled on the applica-
tion of VAR (Vector Autoregressive Model) and ECM (Error
Correction Model) to analyze the effects of the impact of
“shocks” on the economic and financial security of macro-
regions through the justification of the system of indica-
tors and the formation of a comprehensive assessment of
security levels. Works of scientists [14; 15] investigate the
possibility of using TVP-VAR models to assess the conse-
quences of the impact of “shocks”.

Summarizing the analysis of scientific viewpoints,
we should mention the unconditional effectiveness of the
approaches proposed by the authors and the prospects of
using various modifications of VAR-modeling technologies
to study the impact of “shocks” on indicators of financial
security [16; 17]. At the same time, it should be noted that
the existing viewpoints do not fully consider the issue of
assessing the impact of energy “shock” [18; 19] on indica-
tors of financial security, therefore the model evaluation
apparatus has been improved. Furthermore, a new theoretical
and practical approach to the combination of the model basis
has been developed.

The purpose of the study is to develop models that
allow assessing the impact of an energy “shock” on indi-
cators of financial security, to identify threshold values of
exogenous variables at which the “shock” has a destructive
nature on the level of financial security and can lead to
destabilization of the financial system.

e MATERIALS AND METHODS

As mentioned above, the VAR model is an effective tool for
building a model of the dynamics of financial security in-
dicators. The choice of this mathematical toolkit is due to
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the possibility of modeling interdependent variables eval-
uating the impact of “shocks” on economic dynamics. Con-
struction of the VAR model includes the following stages:
checking time series for stationarity using the Dickey-Fuller
test; determining the order of integration and adjustment
of variables; testing for the nature of causal relationships
based on the Granger test; evaluation and determination of
the order (lag) of the VAR model; construction of impulse
functions, decomposition of variances and assessment of
system stability [20]. The work uses such a modification of
the VAR model as the TVAR model (Threshold Vector Au-
toregressive Model) that allows determining the threshold
values of exogenous indicators which, when exceeded, will
lead to the destructive impact of “shocks” on the financial
security of economic systems.

In order to estimate the energy “shock” it is pro-
posed to select data on the cost of the most important re-
source of this type — oil, or more precisely — the cost of 1
barrel of BRENT oil for the monthly periods from January
2012 to March 2022 [5]. As financial security indicators we
consider monetary and currency security indicators (infla-
tion rates and the value of the dollar exchange rate) since it
is exactly the currency security that remains the main critical

Sample: 2012M01 2022M03
Included observations: 115

subsystem of financial security for the national economy if
we turn to countries with developing economies [21-23]. Data
processing has been carried out in the EViews environment.

At the stages of the preliminary analysis, the time
series have been tested for stationarity, have been trans-
formed and then analyzed for the presence of two-way
causal relationships. The presence of significant relation-
ships has been confirmed. The created VAR model includes
three factors: the rate of inflation (INFLATION_LEVEL),
the dollar exchange rate (EXCHANGE_RATE), the price of
one barrel of BRENT oil (BRENT PRICE). The results of its
implementation are considered below.

® RESULTS AND DISCUSSION

Figure 4 features the definition of the lag order of the model
which is based on the analysis of various statistical crite-
ria [24; 25]. Statistics of the value of the logarithmic prob-
ability (LogL), modified linear regression (LR), final predic-
tion error (FPE), Akaike information criteria (AIC), Schwartz
(SC) and Hannan-Quinn (HQ) have been considered [26; 27].
Optimal values marked with (*) are automatically selected
for each of the criteria. Thus, it is determined that the lag
which should be taken into account in the model, equals 3.

Lag Logl LR FPE

AlC 5C HQ

-1082.765
-749.3572
-727.2816
-G70.2232
-G65.5671
-G55.4725
-G52.2327
-G49.7239
-G39.0471

MA
G43.6213
4146377
1041936
8.259527
17.38029*
5.405950
4057632
16.71165

[ IR L N P N ]

31864.03
113.0067
90.05434
39.07505*
4220845
41.51780
46.06351
51.83471
50.69002

18.86286
13.24099
13.01358
127779
12.25334
12.23430
12.33448
12.44737
12.41821

18.95447
13.52742
13.51484
12.89386"
13.18423
13.38001
13.69501
14.02273
1420838

18.91193
13.35725
13.21705
12 46544
1263118
12.69934
12.88671
13.08680
13.14483

Figure 4. Determination of the VAR model lag order

Source: author’s calculation.

Figure 5 presents the quality criteria of the de-
veloped vector autoregression model. The coefficients
of determination (R-squared) for the variables INFLA-
TION_LEVEL, EXCHANGE_RATE and BRENT_PRICE are
close to 1, which indicates the statistical significance of

Estimation Proc:

LS 1 2 INFLATION_LEVEL EXCHANGE_RATE BRENT_PRICE

VAR Model

the model. The values of Fisher’s test (F-statistic), which
exceed those in the table, confirm the adequacy of the
developed model. The information criteria of Akaike and
Schwartz also show good prognostic properties of the
model (Fig. 5) [20].

INFLATION_LEVEL = C(1,1)"INFLATION_LEVEL(-1)+ C(1,2)"INFLATION_LEVEL(-2) + C{1,3) INFLATION_LEVEL(-3)

+C(1 4"EXCHANGE_RATE(-1)+ C{1,5"EXCHAMGE_RATE(-2) + C(1,6PEXCHANGE_RATE(-3)+
C(1,7yBRENT_PRICE(-1) + C(1,8)*BRENT_PRICE(-2) + C(1 9)*BRENT_PRICE(-3) + C(1,10)

EXCHANGE_RATE = C(2,1)"INFLATION_LEVEL(-1)+ C(2 2)"INFLATION_LEVEL(-2)+ C(2 3)*INFLATION_LEVEL(-3)

+C(2 4)*EXCHANGE_RATE(-1)+ C(2 5 EXCHANGE_RATE(-2) + C(2 6)' EXCHANGE _RATE(-3) +
C(2,7)*BRENT_PRICE(-1) + C(2,8)*BRENT_PRICE(-2) + C(2,9)*BRENT_PRICE(-3) + C(2,10)

BRENT_PRICE = C(3,1)*INFLATION_LEVEL(-1)+ C(3,2 " INFLATION_LEVEL(-2)+ C(3 3)*INFLATION_LEVEL(-3) +

C(3,4"EXCHANGE_RATE(-1)+ C(3,5)* EXCHANGE_RATE(-2) + C(3,8)'EXCHANGE_RATE(-3)+
C(3,7yBRENT_PRICE(-1) + C(3,8)"BRENT_PRICE(-2) + C(3 9)*BRENT_PRICE(-3) + C(3,10)

VAR Model - Substituted Coefficients

INFLATION_LEVEL = 0.438447584574"INFLATION_LEVEL(-1)+0.1585057 60963*INFLATION_LEVEL(-2)-
0.0868431261887*INFLATION_LEVEL(-3) + 0.568543812643*EXCHANGE _RATE(-1)+
0.291841547235°EXCHANGE_RATE(-2)-0.83880720401 "EXCHANGE _RATE(-3)+

| _| )
0.0207757708347"BRENT_PRICE(-1)- 0.0109919589974"BRENT_PRICE(-2)- 0.00296559796249"BRENT_PRICE(-3)

+ 483904777273

EXCHANGE_RATE = - 0.082980050508% INFLATION_LEVEL(-1)+0.0776172355092 INFLATIOM_LEVEL(-2)-
0.017443265927 T INFLATION_LEVEL(-3)+ 0.74617583442 T EXCHANGE _RATE(-1)+
0.117783630736*EXCHANGE_RATE(-2) + 0.0945740830162*EXCHANGE_RATE(-3)-

R-squared 0.786643 0.974134 0.930645
Adj. R-squared 0.769187 0.972018 0.924970
Sum sq. resids 89.13179 186.0535 2540.697
S.E. equation 0.900161 1.300537 4805959
F-statistic 4506319 460.2973 164.0038
Log likelihood -152.4301 -196.5852 -353.4347
Akaike AIC 2707168 3.443086 6.057246
Schwarz 3C 2939459 3.675377 6.289537
Mean dependent 100.9983 21.54775 59.20242
5.D. dependent 1.873656 7774639 17.54539

0.0508429086177"BRENT_PRICE(-1)+ 0.00216883719847"BRENT_PRICE(-2) + 0.0330982928849"BRENT_PRICE(-

3)+ 4336560392

BRENT_PRICE = 0.245688352967 " INFLATION_LEVEL(-1)- 0.0187151534869"INFLATION_LEVEL(-2)-
0.289656752208"INFLATION_LEVEL (-3)- 0.365866693344*EXCHANGE_RATE(-1)+

0.592851352855*EXCHANGE_RATE(-2)-0.11569501475 T"EXCHANGE _RATE(-3)+1.41632909325*BRENT_PRICE(-

1) - 0.65766515596 1"BRENT_PRICE(-2)+ 0.245038652133"BRENT_PRICE(-2)+ 3.8750237335

a) alignment of the VAR model

b) quality criteria

Figure 5. Results of building a vector autoregression model

Source: author’s calculation
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Figure 6 presents the accuracy criteria of the fore-
cast obtained on the basis of the VAR model. Thus, the
value of the average absolute percentage error of the
model (MAPE) for the identified factors is less than 10%
which corresponds to high forecasting accuracy. Figure 7

Sample: 2012M01 2022M03
Included observations: 123

presents the result of constructing an impulse function
which shows the response of variables in response to a
“shock” — a change in the random component of the time
series of the price of one barrel of oil by one standard
deviation.

Variable Inc. obs RMSE MAE MAPE Theil

BRENT_PRICE 123 4601356 3.257012 5.834693 0.037324
EXCHANGE_RATE 123 1245169 0737817 3972493  0.027211
INFLATION_LEV... 123 0861838 (0.643935 0.635887 0.004266

Figure 6. Predictive characteristics of the VAR model

Source: author’s calculation

Response of BRENT_PRICE to Innovations
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Figure 7. Graphs of impulse functions

Source: author’s calculation

The data of Figure 7 allow us to confirm the hypoth-
esis about the significant impact of the energy “shock” on
such indicators of financial security as the inflation rate
and the exchange rate. Then, the hypothesis that this in-
fluence is differentiated at different threshold values of

the exogenous variable has been put forward. We used the
TVAR model to test the hypothesis. Figure 8 shows the pa-
rameters of the developed threshold vector autoregression
where the price of BRENT oil per barrel is presented as a
threshold value.

Source: author’s calculation

Sample: 2012M01 2022M03

Included observations: 123

Selection: Trimming 0.15, , Sig. level 0.05
Threshold variable: BRENT_PRICE

Variable Coefficient Std. Error t-Statistic Prob.

BRENT_PRICE = 44 799999 — 29 obs

INFLATION_LEVEL -0.466858 0649188 -0.719141 0.4736
EXCHAMNGE_RATE -0.938991 0280474  -3.347870 0.0011
C 108.5901 67.66992 1.604703 01118

44799999 <= BRENT_PRICE = 55.109990 — 26 obs

INFLATION_LEVEL -0.113164 0343972  -0.328993 0.7428
EXCHAMNGE_RATE 0.034500 0.291007 0.118554 0.9058
c 61.43795 37.10701 1.655697 0.1007

55.109999 <= BRENT_PRICE = 65.769990 — 26 obs

INFLATION_LEVEL -0.336199 0.291511 -1.153298 0.2513
EXCHAMNGE_RATE 0.035884 0267074 0.134360 0.8934
c 92 57136 32.50633 2847794 0.0053

65.769999 <= BRENT_PRICE < 83.369999 — 24 obs

INFLATION_LEVEL -0.246459 0704735  -0.349719 0.7272
EXCHAMNGE_RATE -0.461196 0.099506  -4.534846 0.0000
c 107.9939 70.91044 1.522963 0.1307

§3.3608999 == BRENT_PRICE - 18 obs

INFLATION_LEVEL 6.501979 1.644053 3.954847 0.0001
EXCHANGE_RATE -0.580837 0272392  -2.132355 0.0352

C -658.3694 1624583 -3.437002 0.0008
R-squared 0.961744 Mean dependentvar 59.96382
Adjusted R-squared 0956785 S.D.dependentvar 17 99863
S.E. ofregression 3.741576 Akaike info criterion 5.590740
Sum squared resid 1511.934  Schwarz criterion 5.833690
Log likelihood -328.8305 Hannan-Quinn criter. 5730045
F-statistic 193.9373 Durbin-Watson stat 1.564185
Prob(F-statistic) 0.000000

Figure 8. The result of building the TVAR model

Development Management. 2022. Vol. 20, No. 1

22



V. Polianskyi

Among the obtained results of the threshold vector
atoregression, the greatest practical value belongs to the
ones where the inflation and exchange rate parameters are
statistically significant. This condition corresponds to the
range where BRENT PRICE > $83.37. That is, if the price of oil
is higher than the specified numerical value, then there is a
statistically significant change in inflation and the dollar ex-
change rate. Thus, the TVAR model allows us to determine the
threshold value of the cost of energy resources which, when
exceeded, can lead to a destabilizing effect on the financial
system and become a threat to monetary and currency security.

Drawing parallels with works [28-30], we can talk
about the implementation of an atypical approach to as-
sessing the financial security of macroeconomic systems.
In works [31; 32], the authors provide a vision of the global
economy through the use of macroeconomic modeling
that implements generalized calculation algorithms.
Sources [33-35], on the other hand, have common key
features with this work, but local systems of economic in-
dicators are considered without reference to global mac-
roeconomic shifts. This paper presents a study of a sepa-
rate “shock” in the energy sector, which is quite difficult to
predict using standard approaches of VAR or ECM models.

Therefore, the chosen implementation strategy definitely
has made it possible to obtain significant practical results
of forecasting macroeconomic parameters.

e CONCLUSIONS

The paper explores the possibilities of using the TVAR
model (Threshold Vector Autoregressive Model) to assess
the impact of an energy “shock” on indicators of financial
security, in particular, on monetary and currency security.
The model has been tested on the data of the country rep-
resenting a cluster of countries with a developing economy.
The results of modeling made it possible to identify critical
modes of energy security which are becoming a channel of
infection that the crisis may spread in the financial sphere
and the cause of a significant increase in the level of infla-
tion. The determined threshold values of prices for energy
resources can be used as a marker in the development of
energy policy which makes it possible to ensure macro-
economic stability. The prospect of further research is the
development of ways to use a list of exogenous variables
for testing subsystems of financial security for manifesta-
tions of various types of “shocks” and the implementation
of scenario analysis of macroeconomic systems behavior.
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TVAR-mopeni iHankaTopiB piHaHCOBOI 6e3neKku
MaKpPOEKOHOMIYHUX CUCTEM: OLlIHKA BMNJIMBY €HEepPreTU4YHoro “woky”

Bnaawuncnae OnekcaHapoBu4 MonaHcbKUmn

XapKiBCbKMM HaLiOHaNbHMM eKOHOMIYHUM YHiBepCcUTET iMeHi CeMeHa Ky3Heuq
61166, npocn. Hayku, 9A, M. XapkiB, YKpaiHa

AHoranisa. [Ipu mopynieHHi 3B’SI3KiB B €KOHOMiYHMX CHCTeMaxX BUHMKAE PO30aJaHCYBAHHS Ta iCHYE TeOpeTUYHa
MOBipHICTh 3arpO3JMMBOr0 CTaHy AJISI iX PO3BUTKY. 3BiICM MOCTA€ MUTAHHS MPOBGIEMATUKU TIOUIYKY eDeKTUBHOTO
MeXaHi3My eKOHOMiuHOi 6e3meku 3arajsom Ta (iHaHCOBOi 6e3meKky 30KpeMa € BaXKIMBUMM eJleMeHTaMu pob6oTU
MaKpOeKOHOMIUHMX CKIaJoBMX. MeTOIo JOCTiIsKeHHS € pO3pobKa Mogieeit, 110 T03BOMSIIOTh OLiHUTY BIUIMB €HepreTMYHOro
«IIOKY» Ha iHAMKaTopy hiHAHCOBOi Ge3MeKu, BUSBUTH ITOPOTOBi 3HAUEHHS eK30TeHHUX 3MiHHUX, MPU SIKUX «IIOK» Ma€e
JIeCTPYKTUBHUIT XxapakTep Ha piBeHb (iHaHCOBOI 6Ge3meKky Ta MOKe MPU3BECTU N0 Aectabinisalii dinaHcoBoi cucremu.
Y po6oTi BUKOPUCTAHO PO3TATYKEHY CTPYKTYPY HAyKOBUX METOIB, SIKi MOJSITAIOTh Y TEOPETUYHOMY Ta €MITipUYHOMY
JocTimKeHHi (iHaHCOBOI 6e3rmeKkyM MaKpOeKOHOMiuHMuX cucteM. OCHOBHI pesyiabTaTy pOOOTM TIPUCBSTUEHI PO3IISIY
npo6eMu MPOeKTyBaHHS eeKTUBHUX MexaHi3MiB 3a6e3meueHHs GiHaHCOBOI 6e31eKky 3a YMOB JIii eK30TreHHUX «IIOKiB»
106a7bHOI €KOHOMiKM. PO3IISTHYTO TOHSITTS «IOKY», HABEIEHO MPUKIALY BIUIUBY «IIOKiB» Ha MaKPOEKOHOMiUHi
ingukaTtopu. Y po6oTi BUIIEHO eHepreTUUHMI «IIOK» SK AOMIHAHTHUMIT AJI1 aHali3y Ta dopMyBaHHSI edeKTUBHOI
TTOJTITUKYM MaKpPOEKOHOMiUHOi cTabisbHOCTi. OGrpyHTOBAHO iHbOpPMAITifiHMIT MPOCTip 03HAK AOCTiIKEHHS, 1110 BKIIOYAE
naHi iy Ha HadTy Mapku BRENT Ta Taki iHIMKATOPU TPOMIOBO-KPEAUTHOI Ta BATIOTHOI 6Ge31eKu, sIK TeMI iH(msii
Ta BAIIOTHUI Kypc. AKIIEHT Ha MiJCUCTeMaX IPOIIOBO-KPEJUTHOI Ta BaIIOTHOI 6e3reKu 3po6aeHO uepe3 3HAUYIIiCTh
JIaHMX KaHaIiB iHGIKyBaHHS KpM3010 387151 3a6e3neueHHs GiHaHCOBOI 6e3mexky. OGIPYHTOBAHO BeIMUMHY jiara B Mojesi
3a JIOTMIOMOTo0 iHGOPMAaliifHUX KPUTEpPiiB; MPOBeIeHO OLiHIOBAHHS Ta TECTYBAaHHS SIKOCTi MOZETi; 3[i/iICHEHO OIiHKY
CTa6iIbHOCTI cMcTeMM Ha OCHOBI yHKIIiT iMITy/IbCHIX BiATYKiB, po3pobieHo TVAR-Momenb. [IpoaHanizoBaHo ramysi 3MiHK
€K30TeHHOi 3MiHHO1, 110 Bif06paskaloTh CTATUCTUYHO 3HAUYIIVIA BIUIVB €HEPTeTUYHOTO «IOKY» Ha TeMIT iHGsii. Takum
YMHOM, OTPUMaHi pe3yabTaTy JO3BOIMIN BUIIIUTY PEXXUMM eHEPTeTUUHOI 6e3IeKH, sIKi CTaloTh KaHaJIOM iH(iKyBaHHS
¢dinancoBoi chepu Ta cyrTeBoro 3pocTaHHs piBHS iHOUAIT. [IpakTMYHA 3HAUYNIICTh BK/IIOYAE YHiBepCaabHICTh Ta
MOXK/IUBICTh 3aCTOCYBaHHS IMiJXOLYy OLiHKM JJIS1 LOCTiIKeHb yepe3 MOXK/INBICTb BUKOPUCTOBYBATY YBECHh JTOPUTM SIK
MOBHOI[iHHUI aHCaMO/Ib Mopesneii. Pe3ynbTaTy JaHOTO MaTepiaay MOXYTh BUKOPUCTaHi npu GOPMYBaHHI IepsKaBHUX
MosTiTHK (diHaHCOBOI 6e3eKky Ta peakilii Ha JecTabili3yioui 30BHIllIHI BIVIMBU
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