WMHALC BULLLA LLUKOJIA
HALUIOHAJIbHE ArEHTCT_BO YKPATHW
3 NMUTAHb EPXKABHOI CJTY>KB

HHHHHHHHHHHHHHHHHHHH

CYYACHI OCBITHI
TEXHOJIOrIl TA METOOW
NMPODECIMHOIO PO3BUTKY.
NYBNIYHUX CNY)XBOBLIIB

MaTepiann HayKOBO-MNPaKTUYHOI KOHpEPEHLII
3a MDKHapOAHO yYacTIo

(KniB, 28 kBITHA 2026 poKy)

Kuis, 2026



MaTepiaAn HayKoBO-NMpaKTUUYHOI KOH¢pepeHLUil 3a MiXXHaAapOAHOIO Yy4acTio
«CyyJacHi OCBiTHi TexXHOAOrii Ta MeToAU NpodecitHOro po3BUTKY NMyBAIYHUX
CAY>K60BL,iB»



YAK: 35:37.091.3

CxsaneHo HasuanbHo-MemoouyHo padoko
Buwyol' wkoau nybaidHo20 ynpasAiHHA
(npbomokon Ne 05/26 6id 27 mpasHs 2026 poky)

CyuacHi OCBiTHi TeXHOAOTrii Ta MeTOAU NpOodecitHOro po3BUTKY NYBAIYHUX CAY>K60BLIB
. MaTepiaAM HayK.-MpaKT. KOH®. 3a MixH. yyacTio (Kuis, 28 keiTHs 2026 p.). Kuis, 2026. 130 c.

V 36ipHMKY MPeACTaBAEHO MaTepiaAM HayKOBO-MPakTMYHOI kOHbepeHLil 32 MiXXHaAPOAHOO
yyacTo « CyyacHi OCBITHI TEXHOAOTT Ta METOAM NMPOGECIMHOrO PO3BUTKY MYOAIMHUX CAYXXOOBLLBY.
[1pUAIAEHO yBary akTyaAbHUM MiAXOAaM AO GOPMYBaHHS MPOGECIMHMX KOMMNETEHTHOCTEMN
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LUTYYHOrO IHTEAEKTY, PO3BUTKY LIMGPOBOI rPaMOTHOCTI, aAQMTMBHOIO AIAEPCTBA, IHKAKO3MBHOCTI
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Tekcmu nybaikytombca 8 asmopcbkitl peoakyil.
3a 3Micm i AKicmb NOOAHUX Mamepiaiig 8ionosioaoms asmopul.

© HauioHaabHe areHTCTBO YKpaiHu
3 NUTaHb AEPXKABHOI CAYKOU
© Buula Lwkoaa NyOAIMHOMO YNpaBAIHHA



3. Quality of Public Administration A Toolbox for Practitioners. Abridged version. European
Union, 2015.135 p. URL: http://ec.europa.eu/esf/toolbox (accessed 17.04.2026)

4. Interoperable Europe Act. Regulation (EU) 2024/903 of the European Parliament and of the
Council of 13 March 2024 laying down measures for a high level of public sector interoperability
across the Union. URL: http://data.europa.eu/eli/reg/2024/903/oj (accessed 17.04.2026)

Nataliia Gavkalova

Doctor of Economics, Professor,

Head of Public Administration and Economic Policy Department,
Simon Kuznets Kharkiv National University of Economics,
Kharkiv, Ukraine

Oleh Kunitsyn .

PhD student,

Public Administration and Economic Policy Department,
Simon Kuznets Kharkiv National University of Economics,
Kharkiv, Ukraine

AI-DRIVEN LEARNING ECOSYSTEMS AND WORKFORCE
ADAPTATION IN PUBLIC SECTOR

The growing integration of artificial intelligence (Al) into professional learning environments
is significantly transforming approaches to workforce development, particularly within public
sector institutions. Among the most impactful innovations are Al-driven personalized learning
systems, which enable the adaptation of educational content to individual needs, competencies
and learning trajectories. These systems rely on advanced algorithms capable of adjusting
instructional pathways in real time, thereby improving both engagement and knowledge
retention. Recent studies emphasize that such adaptive learning environments enhance not
only efficiency but also long-term skill acquisition, making them highly relevant for complex
organizational settings [1].

Complementing personalized learning, the application of learning analytics provides
additional opportunities for optimizing training processes. By collecting and analyzing data on
learner behavior, performance and interaction patterns, organizations can identify skill gaps and
refine training strategies accordingly. In public sector contexts, where workforce development
must align with institutional goals and regulatory frameworks, data-driven insights support
more targeted and evidence-based decision-making in human resource management [2].
Furthermore, immersive technologies such as virtual and augmented reality (VR/AR) expand
the scope of experiential learning by enabling the simulation of complex or high-risk scenarios.
These tools are particularly valuable for training in areas such as crisis management, urban
planning and public safety, where real-world replication is often impractical [3]. Another rapidly
evolving domain is the use of generative Al tools, including intelligent chatbots and virtual
assistants, which increasingly support continuous and self-directed learning. These systems
can provide real-time explanations, personalized feedback and contextual guidance, thereby
enhancing accessibility and flexibility of professional education. Empirical research demonstrates
that such tools contribute to improved learning outcomes, particularly in digital and blended
environments [4]. At the same time, their implementation requires careful consideration of
limitations, including potential inaccuracies, overreliance on automated systems and concerns
related to data privacy. As a result, generative Al should be integrated as a complementary
instrument that supports, rather than replaces, human-centered learning processes [5].

The expansion of Al-enabled learning technologies directly influences the competency
requirements of public sector employees. As routine tasks become increasingly automated,
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the role of human workers shifts toward analytical, supervisory and decision-making functions.
This transformation necessitates the development of new skill sets, including data literacy, the
ability tointerpret algorithmic outputs and a basic understanding of machine learning principles.
Without systematic training initiatives, public institutions risk facing a mismatch between
technological capabilities and workforce readiness, which may hinder the effectiveness of digital
transformation efforts. In this context, the adaptive capacity of employees becomes a critical
factor. Adaptability is not limited to technical proficiency but also includes the ability to navigate
organizational change, collaborate with Al systems and engage in continuous learning. The
introduction of Al technologies often generates uncertainty and resistance among employees,
particularly when associated with concerns about job displacement or lack of transparency.
Therefore, capacity-building strategies must extend beyond technical instruction to include
communication, participation and organizational learning mechanisms [6].

From an organizational perspective, the successful implementation of Al depends on
structured change management processes. Public sector institutions operate under specific
constraints, including accountability, legal compliance and the need to ensure equitable service
delivery. These factors increase the complexity of technological adoption and require a holistic
approach that integrates training, leadership engagement and institutional support. Evidence
from public service applications indicates that when employees are actively involved in the
implementation process and clearly understand the benefits of Al tools, resistance decreases
and acceptance improves. For instance, Al-based chatbots in citizen service systems can
enhance efficiency when positioned as tools that handle repetitive inquiries, allowing human
staff to focus on more complex and value-added tasks. In parallel with organizational challenges,
the ethical implications of Al deployment remain a central concern. Al systems are inherently
dependent on data, which may contain historical biases reflecting existing social inequalities.
If such biases are not properly addressed, they can be reproduced or even amplified in automated
decision-making processes. This raises significant risks in areas such as recruitment, public
service provision and policy evaluation. Ensuring fairness, accountability and transparency
therefore becomes an essential component of Al governance in the public sector [7].

One of the key challenges lies in the limited interpretability of complex Al models, often
described as “black boxes.” This lack of transparency complicates the ability of both public
employees and citizens to understand how decisions are generated. To address these issues,
organizations must implement comprehensive governance frameworks that include data
auditing, algorithmic monitoring and clearly defined responsibility structures. Interdisciplinary
collaboration between technical experts, policymakers and ethicists is also crucial for
developing balanced and inclusive Al systems. Moreover, maintaining human oversight in
decision-making processes is essential to safeguard public trust and ensure compliance with
democratic principles . Overall, the integration of Al into public sector workforce development
represents a multifaceted transformation that extends beyond technological innovation.
Al-driven learning ecosystems, supported by personalized training, learning analytics, immersive
technologies and generative tools, create new opportunities for enhancing competencies and
adaptability. However, these opportunities can only be fully realized through the alignment of
technological solutions with organizational strategies, ethical standards and human-centered
approaches [8].

So based on the above, Al should be understood as a strategic instrument for strengthening
institutional resilience and adaptive capacity rather than as an isolated technological solution.
The effectiveness of Al implementation in the public sector depends on the ability to combine
advanced learning technologies with comprehensive training programs, inclusive change
management and robust ethical governance. Future research in this direction should focus
on developing measurable indicators of skill transformation, evaluating long-term impacts of
Al-driven training and identifying best practices for sustainable integration. These efforts will
contribute to the formation of more responsive, capable and future-oriented public institutions.
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MapuHa AXKaxka
O. OepX ynp., npodecop Kadeapu ynpaBniHHSA Ta agMiHiCTpyBaHHS
3anopi3bKMi HauUioHaNbHUM YHiBepcuTeT, 3anopisbkui PLUMK

PO3BUTOK AAATNTTUBHOIO AIAEPCTBA Y CUCTEMI
MPO®ECIMHOIO PO3BUTKY MYBAIYMHUX CAY>XBOBLLIB
B YMOBAX HEBU3HAYEHOCTI

CydacHa ny6nidyHa cnyxb6a YkpaiHu PyHKLIOHYE B yMOBax TpUBasioi HEBM3HAYEHOCTI,
WO MOEAHYE BOEHHI 3arposun, notpeby y BiAHOBAEHHI rpoMan, undpoBy TpaHchopMalito,
€BPOMEMNCbLKY IHTEerpaLito, KagpoBi BTPaTK Ta 3pOCTaHHA O4YikyBaHb MPOMaAsH LWOO0 AKOCTI
ny6nivHMX Mocnyr. 3a TakKMX YMOB NMpodeciHa KOMMETEHTHICTb My6iYHOro Cry>KO0oBLA HEe MOyKe
obMexkyBaTUCA 3HAaHHAM Mpoueayp: BiANoBIiAHO A0 3aKoHY YKpaiHU «[1po AepyaBHY Cry»6y»
BOHa Mepenbadac 30aTHICTb 3aCTOCOBYBATU 3HAHHA, YMIHHA, HABUYKK, @ TAKOX MOpasbHi
Ta NpodecivHi aKoCTi Ana HaleXHoro BMKOHaHHA 3aBOaHb, HAaBYaHHA, NpodecinHoro Ta
ocobucTicHOro po3BUTKY [1]. CamMe ToMy pO3BUTOK aanTWBHOMO NiAepcTBa AOLINbHO po3rnaaaTu
AK NPIOPUTETHUM HaNPaM ModepHi3aLlii NpodecinHOro HaBYaHHa NyOBNIYHMX CNYy>KOOBLLIB.

AfanTuBHE NiOepCcTBO BM3HAYaAETbCA AK 30aTHICTb Ny6nivyHoro cny»k6osusa MobinisyBaTtmn

13



